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CLINICAL VARIANT CURATION
AND REPORTING COPILOT

&

DRAFTS. NOT DECISIONS.

Assembles evidence, applies ACMG/AMP
codes and lab rules, and drafts reports
with citations—so clinicians review,

not rebuild.

=

THE DATA FLYWHEEL

Every curated case enriches a proprietary
database. Recurring variants auto-match
prior annotations. Only novel variants
need fresh curation.
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REGULATORY MOAT

CLIA/CAP requirements, audit trails, and
documentation standards create high
switching costs and durable stickiness.
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« PMID: 7
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2. VALIDATION AND
REPRODUCIBILITY LAYER

FOR CLINICAL NGS PIPELINES
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. BIOLOGY-NATIVE
~ DATA HARMONIZATION

THE BENCH FRODUCES DATA THAT

NO ENTERPRISE DATA PLATFORM VA B | FiLE FORMATS INSTRUMENT
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ST ; QUERYABLE.

MODEL-READY.
| Al-NATIVE,
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@ MOST BIOINFORMATICS & ML WDEF{ |
STARTS WITH WEEKS OF MANUAL ETL.
CLEANING > MODELING.

@  WHEN A RESEARCHER LEAVES,
@ THEIR DATA CLEANING LOGIC
OFTEN LEAVES WITH THEM.

| | THE GENOMICS VERSION' | & =

CLOUD BIOINFORMATICS 1S GROWING. 3
SCALABLE, SECURE, COLLABORATIVE OF THE BROWNFIELD PLAY:
ENVIRONMENTS ARE THE STANDARD. | THE HARD, UNGLAMOROUS ETL
SOURCE: 2-8. 7-9 ' NOBODY WANTS TO DO.
——~ | v PROPRIETARY DATA GRAPH
@ THE AI-NATIVE ANSWER ISN'T A BUILT FOR EACH CUSTOMER
BETTER WAREHOUSE. IT'S A BIOLOGY- BECOMES THE MOAT.

LITERATE INGEST LAYER THAT BUILDS
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spatial transcriptomic
maps at 1pm

resolution.
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No bioinformatics
bandwidth to keep
up. Expert-gated

Cell atlas initiatives and
spatial platforms are
outpacing analysis
capacity.

down.

tasks slow everyone

=

Pharma software
skips core facilities.
Smaller deals,
ignored buyer.

scGiPT, Geneformer,
scFoundation enable
flexible single-cell
and spatial analysis.

Operator-first.
Underserved.

High willingness

to pay. Durable moat.
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6. PHARMAGOGENOMICS
AT THE POINT OF CARE

Genotype-guided prescribing has been clinically validated for years.
The gap is last-mile deployment: getting the right recommendation

in front of the right clinician at the moment of prescribing.
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A TICAGRELOR GENE-DAUG

: A INTERACTIONS
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SUBMIT RX
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ALERT.
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GUIDELINE-CONCORPANT.
PATIENT-SAFE.



11SSION PACKAGE REGULATORY PATHWAY =] GUIDANCE REFERENCE
Analytcal Validation Studies EJL___EL g ;H{;);;i;m

| Clinical Validation Package De Novo FDA De Novo Guidance

| Software Documentation § FDA SaMD Guidance

| Post-Market Surveillance Plan st FDA Postmarket Guidance
Risk Management File STapLe S0 14971

v Complete

| Labeling & Instructions v Complete 21 CFR 801
Predicate Device Comparison :* :2 ::ZEE: FBASI00) Guicaice
wat[bi”ty / Usability E::j::g 15010993 / IEC 62366
- .«\( Cybersecurity gz:j::g FDA Cybersecurity Guidance

I':!uali’f}' System Documentation Pending 21CFR Part 820

_ O Pending PA
e — Q-'
ey N

g :l COPILOT: Generate - Track - Maintain
J0b~ '
| tay aligned. Stay audit-ready, Stay ahead

e

by i

il
L8

FDA GUIDANCE LIBRARY | ;Bh 5:11:'-1'.«‘; GUIDANCE

S10IK) Guidance
Tie Hovo Guidanc
SaMD Guidance
postmarket Guidinee |72

AL Achion Plan



e,

SAMPLE SUMMARY

gample [D:
CLIM-24-1187
Sample Typo:

BAL

Collecton Date:
2025-05-07
Sequencing Depth:
452 M reads

1 AMR REPORT
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= e [ MICROBIALPROFILE

APPLIED METAGENOMICS

e FOR CNICAL MICRO, AMR, AND SURVEILLANCE

'_D?TETED PATHDGE_N% i W R TR
-Organism_ B Relative Abundance
Klebsiella pneumoniae 32.7%
Peaydomonas 3eruginasa 18.4%
Acinetobacter baumnannii 11.2%
Enterococcus faecium 4.3%
Staphylococcus aureus 21%

E—

o 32.7%
I 18.4%
| 11.2%
B 4.3%
B 21%

B 31.3% Other
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ANTIMICROBIAL RESISTANCE PREDICTIONS

Gene | Mechanism  Associated Drug Class Pradiction Confidence

blakPC-2 Carbapenems RESISTANT  High
blaTEM-18 Penicillins RESISTANT  High
aac[6')-lb-cr Aminoglycosides RESISTANT ~ Moderate
oqrAB Fluorequinclones RESISTANT  Moderate
mem X . 1 -

_ Beta-lactams (MRSA)  [NOTDETECTED High

THERAPY INSIGHTS

Active options predicted:
' Ceftazidime-avibactam
" Polymyxin B
v Tigecyeline
High-risk AMR detected,

Confirm with phenotypic
testing.
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The immunoinformatics space has a specific
structural problem: the well-funded players
are building therapeutics, not tools.

They're using their neocantigen prediction
models, TCR/BCR repertoire analysis
pipelines, and vaccine design platforms
internally, on their own pipeline, and they
have no commercial incentive to productise
them for external users.

PATCHWORK TOOLS.
DISCONNECTED.
HARD TO REPRODUCE.
HARDER TO TRUST.
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That leaves academic immunology labs,
small biotechs, and contract research
organisations using a patchwork of
open-source tools, custom scripts,
and occasional consulting engagements.
None of these buyers are poorly
motivated. They're just poorly served.
-
\L_J Investments support the development
of advanced bicinformatics tools for
drug discovery, personalized medicine,
and disease modeling?-4, and
immunotherapy is one of the
faster-growing areas within that.
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TCR/BCR
REPERTOIRE ANALYSIS

VACCINE
DESIGN

INSIGHTS &
PRIORITISATION

A focused tooling platform for
neoantigen prediction, repertoire
analysis, and vaccine design, targeted
at academic and small-biotech
teams, doesn't need to compete
with Genentech's internal tools.

It needs to be substantially better
than what this buyer currently uses.

The moat is proprietary immune
datasets accumulated through
customer engagements and the
depth of the domain knowledge
encoded in the workflows.

These are not general ML problems.

They require a team that understands
HLA binding, clonotype analysis, and
immunodominance, and that domain
depth is genuinely hard to replicate.

NIFIED & PURPOSE-BUILT

PROPRIETARY ‘
IMMUNE JE 9
— F .'

NEOANTIGEN
PREDICTION

DATASETS

N

+ | Custom
Scripts

NOT A MOTIVATION
PROBLEM.
A TOOLING GAP.

EXPORTS &
INTEGRATIONS

ONE PLATFORM.
ONE WORKFLOW.
DEEP IMMUNOLOGY.
REAL ADVANTAGE.

GE"
OUR EDGE*

J IMMUNE DOMAN EWLPERTISE

/ PROPRIETARY DATA
ORKFLOWS

2 w__“i—————-—*




10. BIOPROCESS OPTIMIZATION
FOR CDMOS AND BIOLOGICS MANUFACTURING

Using your facility’s own run data to build predictive models
that cut development timelines, reduce batch failures, and OUR MODEL PREDICTED

: . W S
flag process drift before it causes a deviation. RN . pRIFT 6 HOUR
gp B oo T cROSSED

THE DEVIATION LIMIT.

RUN ANALYTICS

= PREDICTED (MODEL)

eTEeTED FERMENTATION e
TEMP SPIKE CAUSED  PERATURECT)  — ViABLITY ()

yIELD DEVIATION H
pEE 9"3 ANOMALY

TIME (HOURS)

RUN SUMMARY KEY PROCESS PARAMETERS PREDIEfIﬁE I.ﬂ_SI'[;iT;

TOTAL RUNS 1,248 ]
20 1 Aimmel oeRe =
BATCHFAILURES 735 | o v/ EARLY DRIFT DETECTION
P

L,...-h,a\
v v/ OPTIMAL FEED STRATEGY

O |
o DO i
PN v YIELD IMPREWEMENT -

|

AVG. DEVELOPMENT TME -18,69, |,

T— = e

PROCESS DRIFT ALERTS 3 4
P 3D aemaTon
P
AL T OF DEVIATION: Loy

| A
YOUR DATA. YOUR MODELS. BETTER OUTCOMES.
LESS RISK.
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